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A Fast Convergent Gaussian Mixture Model for Moving Object Detection

JIAO Bo, LI Guo-hui,

TU Dan, WANG Yan-ming

( Department of System Engineering, School of Info System and Management, National University of Defense Technology, Changsha 410073 )

Abstract Background model is a common method for detecting moving object in traffic surveillance video. The effect of

Gaussian Mixture Model used in training background model is good, but its convergence velocity is low. At present, many

improved models only accelerate the initial convergent velocity. For accelerating the convergent velocity when background

changes in the process of surveillance, the models need to detect whether background has changed or not real time and then to

be initialized again if background changes. In this paper we put forward a new improved Gaussian Mixture Model, which

needn’ t be initialized again if background information changes and avoids redundant steps of detecting whether background has

changed or not real time. Experiment result of the new model shows the convergent velocity in the process of surveillance is

improved evidently.
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Fig.4 The convergence effect of model M3 initialized in the 90 frame
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Fig.5 The convergence effect of model M2 in certain frames
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